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Chapter 1

Abstract

This book describes and analyzes health policy reforms from 2011-2021. It was funded
by the Russell Sage Foundation.

How well do the America’s thousands of state legislators represent their constituents
on the implementation of health policy reform at the state level? Are the decisions they
make in the statehouse reflective of the wishes and needs of their constituents, or do
other influences such as their own preferences, or those of their party hold more sway?
We don’t now know this because of huge problems in measurement, especially at this
level of government. Understanding the receptiveness of state legislators individuals
and in aggregate to such varied influence will help us to predict the course of coalitions
that can be constructed in each state to pass a diverse set of health reform policies.

library(knitr)

opts_chunk$set(echo = FALSE, message=FALSE, out.width=”99%”, cache=TRUE)
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Chapter 2

Introduction

2.1 Congress

The summer of 2017 was marked by the dramatic meltdown of Republican “repeal and
replace” legislation in Congress. A major political development that played a part was
the significant rise in public approval for the Affordable Care Act. Prior to 2017, numer-
ous surveys (including the Kaiser Family Foundation tracking polls) have shown that
nearly all elements within “Obamacare” have vast majorities in favor, at the same time
as support for the lawoverall remainedpolarized. That changedwith the introductionof
concrete Republican legislation to overturn the ACA, when overall favorability climbed
well intomajoritarian terrain. EvenRepublican identifiers in surveysgavedismal ratings
to the Republican leadership and its legislation. The disjuncture between national Re-
publican attempts to overturn the Affordable Care Act and public support for it is strik-
ing, especially given older evidence of responsiveness in health policy spending (Soroka
and Lim, 2003;Wlezien, 2004).

2.2 Public Opinion

When Americans are asked which party they trust to enact health care policy, they dis-
proportionately say (in national samples) they trust the Democratic party.

When the Affordable Care Act was passed, it was deeply polarized in public opinion.
That has changed, with the ACA now (nationally) leading in support.

4
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Figure 2.1: Issue Ownership of Health Care

Figure 2.2: Affordable Care Act Approval
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2.3 State Examples

2.3.1 The Latecomers: Medicaid expansion in Virginia and Mon-
tana

2.3.1.1 Virginia

Virginia Voters in November 2017 dealt a stunning blow to Republicans who controlled
both chambers of the state legislature. The previous Republican-controlled legislature
hadbeen instrumental inblockingMedicaid expansion in the statedespite aDemocratic
governor who strongly supported it, and statewide public opinion which also was sig-
nificantly in favor. Yet Republicans retained a bare majority in the House of Delegates,
and still controlled the State Senate. But individual Republicans including State Sena-
tors FrankWagner and Emmet Hanger Jr., and Delegates Chris Peace and Terry Kilgore,
changed their position on expansion and created a coalition with the Democratic mi-
nority to successfully pass Medicaid expansion.

What happened in Virginia? Why did legislators take the initial positions that they did,
and why did some change their minds? Partisanship is obviously important, as the two
parties stakedoutverydifferentpositions. But it isnotnearlynuancedenough toexplain
what happened, as the Republican caucus internally divided enough for the legislation
to pass. Another aspect to the story is ideology; there is a great deal of variation within
the Virginia Republican party on policy preferences. According to my data on state leg-
islative ideology, these four legislators are unusually moderate in their own party on a
whole host of issues. Or perhaps it was public opinion on expansion that turned the
tide, accentuated by an electoralmessage sent by voters in November. It could also have
been district-specific factors like the fact that Kilgore’s district being one of the poor-
est in the state (and with 4,800 people likely eligible for gaining coverage as estimated
by the AARP) and one experiencing a recent hospital closure, and therefore one that
could gain themost from expansion. Finally, it could have been conservative and liberal
pressure groups which were active in lobbying legislators. Theda Skocpol and Alexan-
der Hertel-Fernandez classify Virginia as one of the highest on their right wing network
scale, as ALEC, the State Policy Network, and Americans for Prosperity were extremely
active and had thwarted expansion in 2014 (Hertel-Fernandez et al., 2016). So was Vir-
ginia Organizing, a liberal interest group with a chapter in Kilgore’s district, that put a
lot of pressure on himby placing letters to the editor in the local paper, holding awidely
publicized district vigil, and meeting with Kilgore on numerous occasions to lobby for
the bill. Theywere joinedbybusiness organizations like theChamber of Commercewho
disagreed with their conservative allies on expansion.
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Figure 2.3: Medicaid Expansion in Virginia

Figure 2.4: Medicaid Expansion inMontana
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2.3.1.2 Montana

2.3.1.3 Overall

The overall picture in the country in Figure 2.5 showsMedicaid expansion happened in
a large majority of states as of December 2020. However, big holdouts like Texas and
Florida continue under the pre-2010 system of extremely tight eligibility for Medicaid.

Figure 2.5: Medicaid Expansion in the States as of December 2020

2.3.2 The Public Option inWashington State

President Biden was elected after having promised a public option as a prominent part
of his 2020 electoral campaign. As of this writing, the public option appears to have
been put on the backburner, behind the push for stimulus, infrastructure, and family
omnibus spending bills. The president has instead used executive orders to, amongst
other things, reopen the signups for exchangemarketplaces.

Legislative action on the public option instead actually exists in Washington State.
There, Eileen Cody wrote a bill that was eventually passed in the legislature and signed
by Governor Inslee.

2.3.3 Single Payer in California

In California, a single payer bill (SB 562) that would have utilized a section 1332
innovation waiver–pushed by progressive Democrats and the state nurses union–
was adopted by the California State Senate in June 2017. Yet shortly thereafter, the
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Figure 2.6: The Public Option inWashington State. Eileen Cody, bill author, and signing
ceremony

Democratic Speaker of the Assembly decided to table the legislation, to the fury of
its supporters. The state is marked by unified Democratic control of the legislature
and the governorship, so a simple partisan analysis of why SB 562 failed would fail to
provide insight. The internal fight in the Democratic party to push a state response to
Trump administration policies is the centerpiece of trying to understand the future of
Affordable Care Act in the nation’s largest state. That fight is still ongoing, as 16 bills
have just been introduced by Democrats in July 2018, including another attempt at
single payer.

TheVirginiaandCalifornia storiesaremicrocosmsofwhat ishappeningacross thecoun-
try’s over 7,000 individual state legislative districts. While state capitols are the site of
much of the action, so too is the district-by-district contest to push for health policy
changes. Similarly, while interparty dynamics between Republicans and Democrats are
important, yet many of the policy reforms are being hashed out in the context of intra-
party debates and single-party states. Yet we know very little about how policy is devel-
oped at the district and intraparty levels. This project would aim to change that.

2.4 Downs syndrome coverage inMontana

• H 318 requires insurance to cover the diagnosis and treatment of minors with
Down’s syndrome

– 104 sessions/year with speech pathologist, and 52 sessions/year with phys-
ical therapist & occupational therapist

– Sponsored by Ellie Hill (D), most liberal 10% of chamber, 27% of Ds

• Senate Rmajority gets rolled, House Rmajority divided

– 76-23 final vote in House (41-0 D, 35-23 R)
– 56-40 final vote in Senate (40-0 D, 16-40 R)
– Signed by Governor Bullock (D)
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Figure 2.7: Montana Representative Ellie Hill

2.5 Surprising Billing Regulation

Balance bills are colloquially called “surprise bills.” They generally occur when insured
individuals receive emergency care at an out-of-network facility or from an out-of-
network provider, or when they receive elective nonemergency care at an in-network
facility but is inadvertently treated by an out-of-network health care provider. Being
out-of-network is crucial since insurers typically refuse to pay a large portion of these
bills. In turn, then, the provider or facility might bill the insured individual, who is
surprised to find a huge bill due despite their insurance coverage.

While surprise billing restrictions were enacted by Congressin December 2020 – and
only comes into effect in 2022– states had for years enacted these protections. Even
Texas–whose legislature only meets for six months every two years–passed this bill be-
fore Congress finally moved.

2.5.1 Autism coveragemandates

Two decades ago, insurance companies only covered the extensive therapy required by
autism-spectrum patients idiosyncratically. That changed over the 2000s, and by 2019
the final state, Tennessee, passed the 50th autism insurancemandate in the country.
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Source: Jack Hoadley, Maanasa Kona, and Kevin Lucia, “States Can Prevent Surprise Bills for Patients Seeking Coronavirus Care,” 
To the Point (blog), Commonwealth Fund, Apr. 29, 2020.

State Laws Protecting Consumers Against Balance Billing, 
November 30, 2020
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Data collection and analysis as of November 30, 2020 by researchers at the Center on Health Insurance Reforms, Georgetown University Health Policy Institute.

Figure 2.8: Balance Billing State Laws, November 2020
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Figure 2.9: Autism coveragemandates in the states



CHAPTER 2. INTRODUCTION 13

Figure 2.10: Early Days of Bipartisanship during the Pandemic
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2.5.2 Covid Response

2.6 The bigger picture

How well do the unsung workhorses of American representative democracy–its thou-
sands of state legislators–represent their constituents on the most vital issues of the
day? Are the decisions they make in the statehouse reflective of the wishes and needs
of their constituents, or do other influences–their own preferences, those of their party,
and those of particularized interests–hold more sway? This question is particularly im-
portant in understanding the thoroughly politicized domain of health care. Policymade
in statehouses affects the lives of hundreds of millions of Americans, yet little is known
about how that representational relationship actuallyworks. The project proposed here
will advance our understanding of these relationships, specifically by the use and amal-
gamation of new sources of data that would have been impossible only a few years ago.

I identify five relevant influences on state legislators in their bill introductions, sponsor-
ship, committee action, and roll call voting behavior. Do more liberal views by district
constituents on theAffordableCareAct predictmore liberal votingpatterns by their rep-
resentatives in the statehouse? Do objectivemeasures of need – specificallymeasures of
poverty and health insurance coverage – also predict such patterns? Or are such vari-
ables overridden by legislators’ own ideological preferences or partisanship? What role
do particularized interests–both of the ideological and economic interest varieties–play
in influencing legislators?

Whether elected representatives’ behavior is congruent with constituent opinion and
policy needs is a fundamental inquiry in a representative democracy, and has been a
major touchstone in the research on American politics. However, earlier work concen-
trates on representationat the federal level. When states are studied, it is almost entirely
in statewide terms. Finally, representation is understood in general ideological terms
rather than in specific policy areas like health. In short, we know very little what hap-
pens in the states, in terms of specific policies, and at the district level because of mea-
surementdifficulties. This projectwouldaddress those issuesby theuseofnewdata and
new techniques. Bringing these together would allow us to understand how and when
viable coalitions to implement (and delay) Affordable Care Act implementation in the
states.

2.6.1 Early Findings from this study

• Health reform in the states is moving leftward in legislatures. Why?
• Democratic majority chambers

– Disproportionate production of health care legislation
– Agenda control is strong
– Party is united
– Liberal proposals dominate and succeed relative tomoderate and conserva-

tive ones
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• Republicansmajority chambers - Substantial failures of agenda control- Substan-
tial failures of party discipline in voting - Moderate bills do very well, liberal bills
often succeed

2.6.2 Why study states?

The explicit federalist design of the Constitution, as well the specific institutional his-
tory and context of American health policy making, means that states have amajor role
to play in how the Affordable Care Act unfolds in the post-2016 political environment.
Indeed, placing states at the center of ACA implementationwasmeant to ameliorate po-
litical opposition to the ACA, both within the Democratic party (to appease moderates
like Nebraska Senator Nelson), and as a way to reach out to Republicans.

In short, states arewhere thepolicymaking action is, as longasCongress remainsmostly
gridlocked when it comes to health. The National Conference of State Legislatures
counts 111 enacted state bills in 33 states since January 2017 alone that directly address
specific choices states have under the ACA.¹ Alaska, Kentucky, Maine, Texas, New
Hampshire, and Oklahoma all enacted legislation authorizing applications for section
1332 innovation waivers (sometimes called “superwaivers’ ’). These are nearly all
Republican-controlled states, and these waivers can be expected to undermine the ACA
at the state level, especially given the signaled support from the Trump Administration
to grant these waivers. Other, typically Democratic, states like California, Hawaii,
Nevada, and Minnesota has passed laws which augment the ACA’s provisions for their
populations. Reinsurance programs have been approved via 1332waivers inMinnesota,
Alaska, Oregon, and New Jersey. In New Jersey, too, a newly elected Democratic
governor signed a state health insurance mandate bill to counter the national law
eliminating themandate (so too did a Republican governor in Vermont). All in all these
are themselves only a portion of all health insurance reforms that indirectly touch on
the ACA: 639 laws in all 50 states in 2017-2018 alone, and more than 1,400 laws passed
since 2015.

The important political context is the partisan division of state control. After the 2016
and 2017 elections, Republicans now have unified control of 32 state legislatures (25
states with “trifectas’ ’ of unified control of both chambers and the governorship). Yet
Democrats, too, control state legislatures in 14 states (8 stateswith trifectas) – far fewer,
but including large states like California and New York. The Blue Wave propelling
Democrats to victories in the 2018 midterm elections are also likely to be mirrored at
the state level, since research shows these to be highly correlated (Rogers, 2016).

Now that the congressional battle is over, and state policies challenging (and augment-
ing) the ACA are accelerating, the question naturally arises whether state policy, too,
will override public opinion. This is crucial because the ACA gives tremendous discre-
tion to states to modify policy implementation on the ground, and the presidency gets

¹Taken from theNCSLHealth InnovationsDatabase, July 2018. See http://www.ncsl.org/research/health/
health-innovations-database.aspx

http://www.ncsl.org/research/health/health-innovations-database.aspx
http://www.ncsl.org/research/health/health-innovations-database.aspx
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nearly unlimited scope to approve these modifications, especially waivers. Will, for ex-
ample, section 1332waiversundermining (andaugmenting) theACApassdespitepublic
approval for the ACA as a whole?

Another puzzle that needs unraveling is the disjuncture between health policy lawmak-
ing at the state versus national levels. Health policy is often severely gridlocked at the
national level. Even beyond the gridlock induced by multiple veto players (Krehbiel,
1998), health policy in particular is far more gridlocked than other policy types (Volden
andWiseman, 2011). Yet at the state level, this is far less true, and this difference is not
new. Major health reforms have been implemented inmany states that have notmoved
at all at the national level (Gray et al., 2013).

In terms of state health policy, there is a tremendous amount of lawmaking going on,
even in controversial areas. Since 2015, several hundred health reforms laws have been
enacted with over 1,000 final passage roll call votes. Strong supermajorities of Demo-
cratic support for the reforms is not surprising. Yet far from unanimity in opposition,
Republicans at the state level have voted for these reforms at strikingly high rates, at
nearly 50%. Even themost controversial reforms attract significant Republican support,
suchasMedicaid expansion (20%support) and statehealth insurance exchanges (28%).
These Republican votes have often provided pivotal in the passage of these reforms. The
evidence for Republican support for amuchwider array of health policy reforms is quite
striking. Figure @ref(topic.splits) shows the split of the parties on final passage votes
for 15 of the most common health policy reforms. Democrats vote at high rates, but Re-
publicansdo sometimes, too. Bipartisan coalitions frequently rollmajority parties in the
states at rates unheard of in Congress.

A broader preliminary look at far more health policies (see below) shows that the Re-
publican party is deeply divided in its votes for health reformmeasures (see Figures x-
y). On average, the party votes in favor of such measures at around 50%, a figure that
masks incredible variationat the state, topic, and ideological level. Understandingwhen
and why Republican votes on progressive policy reforms can be forthcoming is crucial
to mapping out the future of ACA implementation in the states. In the fight to expand
Medicaid, knowingwhich concessions inwhich states need to bemade can help in con-
structing progressive policy coalitions.

At the same time, while the Democratic party has been much more homogenous in its
support for standard progressive health reforms, bleeding edge innovations like single-
payer have been much more internally divisive. Especially in Democratic-dominated
states like California, attention to the intraparty debate is much more insightful than
examining the state interparty divide in a place where the Republican party is almost
totally irrelevant.

2.6.3 Why study districts?

Since lawmaking involves the construction of a series of majoritarian and superma-
joritarian coalitions in the state legislatures, understanding legislator-level decisions
in that process is crucial. Legislators choose on their own whether to sponsor a bill,
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whether to propose an amendment, and how to vote on an endless stream of roll calls.
They make these decisions under the eye of legislative party leaders and the governor,
not to mention the news media, donors, interest groups, and their constituency, but
the decision is an individual one.

This is well understood in studies of Congress, where individual legislator decisions
contraposed with district level factors is fairly common. But for states, macro-
representation dominates. Aggregate outcomes across states and times are compared
with dynamic state-level factors. Since policy is the output of a complex set of state level
institutions, this is an entirely appropriate level of inquiry. But it does not supplant the
need to understand individual legislator behavior, particularly in understanding when
andwhere coalitions form to pass particular policies.

A major reason for the imbalance in favor of studies of macrorepresentation is the in-
credible difficulties of measurement in district or legislator-level microrepresentation
(as contrasted with Congress). Yet a methodological and measurement revolution has
generated groundbreaking newmeasures and techniques which is changing all of that.
Whereas measures of simple partisanship were all we had only a few years ago, now
we have legislator-level ideal point measures for the past two to three decades (Shor
and McCarty, 2011; Shor, 2020). Whereas we had only district-level demographic in-
formation as proxies for opinion, nowwe have district-level measures of general ideol-
ogy (Tausanovitch andWarshaw, 2013), and techniques to get district-level opinion on
specific policies [Warshaw and Rodden (2012); Shor:2018]. District-level measures of
interests were impossible before, while now we can get donor-level data aggregated to
the district level (Bonica, 2013, 2017; Bonica et al., 2017). Bill and roll call information,
too, was locked in legislator journals and other inaccessible sources. Changes by states
themselves and open government initiatives like OpenStates has made these now fully
searchable and accessible electronically.
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Literature

Two major perspectives, attributed to Edmund Burke, purport to define the essential
nature of representation in a democracy for legislators: delegates, who are supposed to
mirror constituents’ opinions, and trustees, who are supposed to be introspective when
it comes to delivering what is best for their constituents. Beyond normative concerns,
which actually describes legislator behavior empirically? The literature has focused on
areas where measurement is easier: on Congress, on states as a whole, and on general-
ized representation via responsiveness. We know very little about how well represen-
tation works on important, specific policies like health reform, and we know even less
about dyadic representation at the legislator/district level.

3.1 Delegative Representation

Most of the work on this kind of representation has focused on Congress. The logic
of the connection starts with Mayhew (1974) who argued the linchpin of legislator ac-
countability is their concern for re-election. Yet empirical support for the strength of the
electoral connection has been limited to more general voting behavior (Canes-Wrone
et al., 2002), as opposed to votes on specific issues where legislators appear to have
lots of freedom tomaneuver. Poole and Rosenthal (2007) finds little evidence that con-
stituency need is amajor determinant of legislator votes. One interesting counterexam-
ple is [Nyhan et al. (2012) which found that moderate Democrats voting in favor of the
then-unpopular ACA suffered substantial losses at the polls, andmaybe even enough to
help flip Congress to Republican control in 2010.

Even at the congressional level, studies of representation have been hampered by the
difficulty ofmeasuringpublic opinion at thedistrict level. Most studies proxy for district
ideology using presidential vote (Levendusky et al., 2008; Kernell, 2009). Moremodern
measures employ newer statistical estimators to model district opinion (Tausanovitch
andWarshaw, 2013; Kousser et al., 2016), but these applications were with generalized
measures of district ideology and not responses to specific issues.

18
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What about the state level? States are much more likely to be dominated by a single
party, and informationonactivity in state capitols is verypoor, especially given thenear-
destruction of traditional newspaper state political coverage. Compounding the lack of
information is the nationalization of state elections in recent years. National factors like
presidential popularity and generic party approval have increasingly dominated state
factors (Hopkins, 2018). This raises the concern about howwell the electoral connection
canwork at the state level if constituents vote on national rather than state level issues.

Most work has been done on responsiveness of generalized policy outputs, aggregating
over all the different policies that states produce, with general findings of responsive-
ness (Erikson et al., 1993; Caughey andWarshaw, 2017). Less work has focused on state
representation at the policy level, but themajor findings suggest responsiveness but rel-
atively little congruence (Lax and Phillips, 2009b,a).

More to the point, very little is known about the influence of constituents on their state
legislators. What little we know suggests a limited role for the public in legislator deci-
sions. State legislative elections are very uncompetitive. In 2016, about 42% of general
election contests and 79% of primary election contests were uncontested even nomi-
nally: that is, only a single name appeared on the ballot. Incumbents that do face op-
ponents rarely lose (except in wave elections like 2014). At the same time, the public is
barely aware ofwhich party controls the state legislature in general,much less the name
of their own representative, and legislators lose very little when they are out of step of
their districts in general (Rogers, 2017).

As with Congress, the difficulties of measurement plague district level studies of repre-
sentation. We presidential vote by legislative district, data only available for 2012 and
2016 via crowdsourcing by the Daily Kos. Generalized ideology measures from [Tau-
sanovitch and Warshaw (2013) are also available, but these aggregate over an entire
decade and do not address individual policies. Finally, state legislators themselves have
consistently inaccurate images of public opinion in their own district (Broockman and
Skovron, 2017). They are nearly as blind as their constituents.

3.2 Trustee Representation

As with delegative representation, nearly all the work on trustee-type representation at
the legislator level havebeendone in the congressional context. There, the contrastwith
the “trustee’ ’ variables of partisanship, ideology, and interests at the legislator level
could not be more striking. Party (Lee, 2009, 2016) and ideology (Poole and Rosenthal,
2007) are the strongest known influenceson congressional behavior. Theparties arepo-
larizing rapidly (Barber and McCarty, 2015) and the same district can elect a Democrat
or aRepublican and experience vast differences in representation (McCarty et al., 2009).

State level work on representation in the health policy area almost always cites parti-
sanship as themost important predictor of progress in ACA implementation (Rigby and
Haselswerdt, 2013; Jacobs andCallaghan, 2013; Jones et al., 2014; BarrilleauxandRainey,
2014;Haeder andWeimer, 2015;Callaghanand Jacobs, 2016, 2017). Ideological divisions
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within state Republican parties between a more extreme Tea party faction and a more
moderate business-oriented faction has been cited as explaining variation in expanding
Medicaid (Hertel-Fernandez et al., 2016).

What we know about the influence of party and ideology on specific policy outputs at
the state legislator level is relatively limited. In general terms, state legislative parties
are polarizing (Shor andMcCarty, 2011; Shor, 2020). Moderate, heterogeneous districts
elect extremeRepublicans andDemocrats (McCarty et al., 2018) In terms of specific pol-
icy,myownwork addresses this on a small set of health policies and roll call votes (Shor,
2018).

3.3 Interest Representation

Interest groups are an important part of the American political system and their influ-
ence iswell knowtooperate throughcampaignfinanceandespecially lobbyingchannels
(Hall and Wayman, 1990; Evans, 1996). Campaign finance is now a much more impor-
tant channel, especially in the states, because of the Citizens United decision and many
state laws which essentially have no limits on donations.

State health policy has long attracted the attentionof scholars interested in illuminating
the role of interests in the policymaking process (Lowery et al., 2008; Gray et al., 2013).
Anewer literature focusingon the implementationof theAffordableCareAct at the state
level continues this tradition. For example, Callaghan and Jacobs (2016) document the
influence of business interests in retardingACA implementation, and public interest ad-
vocates in pushing it forward. Rose (2015) cites the role of resource-starved hospitals in
particular on Medicaid expansion. Yet these influences can not be measured at the in-
dividual level. Bill-level measures give us more detail, like those in Garlick (2016) who
finds that business lobbying pressure moderates polarization on individual bills while
public interest advocacy amplifies it.

States are also the site for the unmatched influence of the conservative Koch network
groups: the American Legislative Exchange Council, Americans for Prosperity, and the
State Policy Network. These work together to provide expertise and resources to the
resource-starved efforts of mostly amateur and part-time legislators. These three or-
ganizations have built an infrastructure over decades, and not at all matched by the dis-
jointed, less comprehensive, and farmore nascent efforts on the left (Hertel-Fernandez,
2016). These operate explicitly at the legislator level, providing model bills and other
resources directly to individualmembers, especially backbencherswithout institutional
resources (Hertel-Fernandez, 2014).

Physicians have a very special role in the setting of health policy. More than any other
group, they are trusted bymembers of the publicwhen it comes tomaking health policy
choices (Patashnik et al., 2017). Yet physicians have long had a strong professional and
ideological bias against health reform that has doomed previous reforms over American
history (Starr, 2008, 2013). At the same time as possessing the public’s trust, physicians
are educated, wealthy, geographically dispersed, and unusually politically active (Bon-
ica et al., 2017).
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But what do physicians believe? Newmeasures have been introduced directly measur-
ing the ideology of physicians based on party registration (Bonica et al., 2014, 2015) and
campaign finance donations (Bonica, 2017; Bonica et al., 2017). These attest to the vast
geographic heterogeneity in physician policy preferences. While new studies find geo-
graphic sorting by ideology is limited (Mummolo and Nall, 2017), this does not appear
to be the case for physicians given their incomes and their ability to findwork across the
country (and the quasi-randomization induced by the residentialmatching programaf-
termedical school) (Bonica et al., 2017). Physicians have sorted into distinct geographic
areas (within and across states), and this naturally raises the possibility that this sorting
has political and policy consequences.

3.4 Issue Ownership

Not all issues are the same. Pioneering work by Petrocik (1996); Petrocik et al. (2003)
and others have shownhowone or the othermajor parties have advantages over certain
issues in the eyes of the public. The public perceives that the parties prioritize certain
issues over others, and these priorities are enduring over time (Pope and Woon, 2009;
Egan, 2013). The connection to representation is that parties are less responsive on is-
sues they own than on those they don’t. Health as a category is considered owned by
Democrats so this should imply that Republicans are actuallymore responsive to public
opinion on this issue.

The issue ownership literature has not investigated spatial heterogeneity in issue own-
ership, partly because the focus has been exclusively on national politics. It may be that
Democrats own health care in some states, but not all. Voters in South Carolina or Utah
might see Republicans as owning the issue, especially as Democrats are nowhere near
the policymaking reins in either state. Furthermore, it could be the case that “health’ ’
is simply too big a catchall category to adequately describe voters’ opinion. Perhaps Re-
publicans own tort reform in the very same state that Democrats ownMedicaid expan-
sion or prescription drug pricing.
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Theory

Themajor hypotheses I investigate is whether, which, and towhat degree partisanship,
ideology, and interests outweigh and/or condition the effect of constituency opinion
and needs when explaining legislator behavior. The primary mechanism assumed to
be driving responsiveness is the electoral connection. When that electoral connection
is tighter–for example, when issues becomemore salient–legislators should bemore re-
sponsiveness. When the electoral connection is looser–for example, when knowledge
of statehouse activity by constituents is absent–legislators should be less responsive to
their constituents, andmore affected by interests or their own characteristics like ideol-
ogy. Heterogeneity in these effects will also be considered, as detailed below.

4.1 Heterogeneity by Legislator Party

Do Republican and Democratic legislatures represent their constituents in symmetric
fashion? If so, the image of the parties as equally extreme relative to a moderate public
and trading off “leapfrog representation’ ’ (Bafumi and Herron, 2010) may not be cor-
rect. Most scholars using national evidence argue that the Republican party is not amir-
ror image of the Democratic party, and is much more prone to extremism (Hacker and
Pierson, 2015, Mann:2016). The quantitative evidence for this conclusion comes from
studies of elites and public partisans. For example, McCarty et al. (2013) cite NOMI-
NATE scores to show that Congressional Republicans appear to be polarizing faster than
Democrats, and Grossmann and Hopkins (2016) critically examine the internal activist
coalitions thatmake Republicansmore ideologically oriented thanDemocrats. Ellis and
Stimson (2009), Ellis:2012 showthatRepublicanshaveanadvantage in representing the
public’s symbolic conservatismwhichnevertheless conflictswith theirweakness in rep-
resenting their more substantive issue-based liberalism. Lelkes and Sniderman (2016)
cites the greater ideological awareness byRepublican partisans as a source of the party’s
ability to resist positions broadly popular with the public as a whole.

22
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But this evidence is overwhelmingly at the national level. Partisan asymmetry in rep-
resentation is very much an open empirical question. Shor (2020) complicates the pic-
ture by showing heterogeneity of asymmetry geographically for state legislatures, with
Democrats polarizing faster in the South andWest, andRepublicans in theMidwest and
Northeast. Lax and Phillips (2012) find that states controlled by both parties overshoot
themoderate public in roughly symmetric fashion.

At the legislator level, Broockman and Skovron (2017) shows evidence that state legis-
lators systematically misperceive the opinion of their districts (measured with district-
level MRP). A party asymmetry exists in that Republicans misperceive district conser-
vatismmore thanDemocrats, a difference partly driven by the greater political activism
of district Republicans in contacting and lobbying the legislators. If true, we should ex-
pect to see lower responsiveness and congruence by Republicans than by Democrats,
something that I will test.

4.2 Heterogeneity by Constituent Knowledge

Do the heterogenous presence of informational resources (like state capitol reporters)
do so as well?

4.3 Heterogeneity by Salience

Does policy salience amplify constituency influence? Lax andPhillips (2009b), Lax:2012
show that state policy on more salient issues like abortion and same-sex marriage is
more responsive than those on less salient issues. Similarly, legislators should feelmore
pressured to follow district opinion on policies where there is more information.

Health policy, especially components of ACA implementation like Medicaid expansion,
is a similarly fairly salient policy in general (Pacheco, 2011, Pacheco:2016). Neverthe-
less, within health policy, there are big differences in information that could be relevant.
Medicaid expansion orwork requirements is likely to be highly salient, and our expecta-
tions would be for higher responsiveness and congruence in that policy area. Medicaid
payment reforms, provider network requirements, or electronic medical records imple-
mentation are farmore technical and hidden, and likely to activate particularized inter-
ests farmore than public opinion. The disaggregation of the policy topicswill be crucial
to test this causal pathway (see below).

4.4 Heterogeneity by Electoral Environment

In a second paper, I aim to see the degree to which legislator votes on especially salient
issues affect the electoral fortunes of state legislative candidates, as they did to somede-
gree in Congress in 2010 (Nyhan et al., 2012). No such study exists at the state legislative
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levels. If evidence of such electoral effects exists, then some predictions can be made as
to the outer constraints on legislator votes undermining the ACA at the state level.

The constituency to whom legislators are responsive has long been a topic of interest
to scholars (Fenno, 1978). Is it the primary election constituency (Brady et al., 2007;
Hall and Snyder Jr, 2013; Hall, 2015) or the general election constituency (Canes-Wrone
et al., 2002; Ansolabehere et al., 2001)? All extant research focuses on Congress, and I
aim to extend that to the state legislative context. I will conduct two surveys and ask
questions around the time of the primary as well as the general election to try to tease
out the information that constituents might have regarding their candidates.

4.5 Heterogeneity by State Variation in Issue Owner-
ship

Scholars have found that health care is an issue owned by Democrats [Petrocik (1996);
Petrocik:2003; Egan:2013], which is to say that voters identify Democrats as the party
that overwhelmingly prioritizes health care. Yet the evidence for this finding comes ex-
clusively from national survey data. I will investigate the degree to which issue own-
ership varies by state, since in many states single party domination might amplify the
reputation of the ruling party and the undermine ormuddy the reputation of the domi-
natedparty. If true, this should condition the relationship between issue ownership and
responsiveness and strongly qualify the Egan (2013) finding that congressional respon-
siveness is moderated by issue ownership.

4.6 Heterogeneity by Institutional Difference

Lax and Phillips (2009b); Lax and Phillips (2012) and Lewis and Jacobsmeier (2017)
show that institutional differences across states, specifically varying degrees of profes-
sionalizationand thepresenceofdirectdemocracy, affects the representational relation-
ship between state opinion and state policy. I can see whether these findings hold at
the microlevel. One such difference are campaign finance rules. In 2010, the Citizens
United Supreme Court decision struck down restrictions on independent expenditures
during election campaigns for both federal and state elections. In some states, these
restrictions did not exist, while they did in others. The difference-in-differences esti-
mate for this change can be interpreted to explicate how much less representative are
legislator decisions when unrestricted campaign expenditures are allowed when they
used to be restricted. Another such decision is Janus v. AFSCME (June 2018) which will
make it much harder for public sector unions in many states to engage in political ac-
tivity (Feigenbaum et al., 2018). But since a number of states already restricted these
unions in similar ways (for example, Wisconsin), we can take advantage of the natural
experiment afforded by the exogenous shock of the decision to compare the differences
in the trends of the treated’’ states (those whose unions were legally unob-
structed) to those of thecontrol’ ’ states (thosewhoseunionswere legally bound).
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4.7 Heterogeneity by Interest Types

Hertel-Fernandez et al. (2016) discuss interest group conflict as the source of the het-
erogeneity in state pickup of Medicaid expansion. One way to test this at the district
level is to disaggregate bills by lobbying interest, assumed andmeasured. For example,
bills that attract professional lobbies (hospital, insurance, and physician associations)
are likely to be those that affect the material interests of the participants. Alternatively,
physician and specialty density can be used as a measure of presumed material inter-
ests. On the other hand, physician preferences are likely to be heterogeneous on the
more ideologically salient bills, where liberal and conservative physicians divide in their
mobilization and lobbying of their local representatives. Some bills attract exclusively
economic interests in lobbying, while others attract ideological forces.
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Data andMeasurement

5.1 Policy

In Shor (2018), I identified several dozen roll calls on three facets of state implementa-
tions of the ACA (state health insurance exchanges,Medicaid expansion, and individual
mandate nullification). In this paper, Imassively expand this data byusing two separate
sources of data on health policy bills at the state level.

5.1.1 NCSL Data

The first of these National Conference of State Legislatures’ Health Care Reform
Database ¹ This data listed bill titles that I manually matched to electronic roll call
records. This results in data summarized in Table 5.1. One principal advantage of this
data source is that it also assigns topic tags to each bill, allowing me to disaggregate
bills by topic and assess effect heterogeneity by issue.

¹See http://www.ncsl.org/research/health/health-innovations-database.aspx.

Table 5.1: NCSL Data Summary

Subset Legislators Bills Roll Calls Votes

All 14,259 3,745 6,921 488,862
Non-unanimous 14,022 2,012 2,966 229,502
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5.1.2 Search Data

The NCSL Database is a black box. If it has systematic errors or biases in how it assesses
whichbills are related tohealthpolicy, Imightdrawerroneous conclusions, or oneswith
more limited external validity. As a companion data set, I search bill titles and descrip-
tions using a set of health policy search terms (listed in the appendix). As shown in Ta-
ble 5.2 This results in an order of magnitude increase in data compared with the NCSL
Database, with over 5 million recorded votes from 15,000 legislators across more than
80,000 bills.

Throughout the paper I show results from both data sets. They are surprisingly very
similar, givingme a higher degree of confidence inmy estimates.

5.1.3 Topics

The NCSL health reform database labels bills with over 50 subcategories, like payment
reform, Medicaid expansion, or exchange administration. I use 16 subcategories that
havemore than 10 roll call votes.

• Over 50 separate topics coded by NCSL

– Examples
– COVID-19
– Medicaid expansion andwaivers
– Insurance coveragemandates
– Network regulation
– Payment reforms
– Health insurancemarketplace structure
– Drug abuse treatment

• Going beyond NCSL

– Unsupervisedmachine topic coding in the search data [TBD]

Table 5.2: Search Data Summary

Subset Legislators Bills Roll Calls Votes

All 15,039 52,984 83,100 5,479,764
Non-unanimous 14,955 23,284 29,879 2,169,843
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5.2 Legislative Data

5.2.1 Party and Ideology

Legislator ideal points are derived from the original data set I have beenworking on over
the past decade with NolanMcCarty, covering over 25,000 unique state legislators and
more than 2,200 chamber-years of data.² Prior to Shor andMcCarty (2011), measures of
legislator level ideal points were unavailable for two reasons: the lack of data on voting
records and the lack of a metric for comparing across states. To address the first prob-
lem, legislative journals of all 50 states (generally from the mid-90s onward) were ei-
ther downloaded from the web or purchased in hard copy. The hard copy journals were
disassembled, photocopied, and scanned. These scans were converted to text using op-
tical character recognition software. To convert the raw legislative text to roll call voting
data, we developed dozens of data-mining scripts. Because the format of each journal is
unique, a script had to be developed for each state and each time a state changed its
publication format. State legislative journals and votes have gradually become more
accessible online, although more commonly for recent years than older ones. New re-
sources like OpenStates and Legiscan aggregate these electronic archives and make ac-
cessing roll call votes much easier and less noisy than ever before. In part due to these
new data sources, we have continued to update the data. Now our measures extend to
2021, meaning we now incorporate the legislators elected between 1994 and 2020.

The second issue is thatwe canonly compare the positions of two legislators if theyhave
cast votes on the same issues. If we assume that legislators have fairly consistent posi-
tions over time, we can compare two legislators so long as they both have voted on the
same issues as a third legislator. But this issue poses special problems to the study of
state legislators because two legislators fromdifferent states rarely cast votes on exactly
the same issue. So tomake comparisons across statesweuse a surveyof federal and state
legislative candidates that asks similar questions across states and across time. The Na-
tional Political Awareness Test (NPAT) is administered by Project Vote Smart, a nonpar-
tisan organization that disseminates these surveys as voter guides to the public at large.
Additional work needs to be done to process the raw NPAT data by merging identical
questions and respondents across states and time. Then, by combining the data on roll
call voteswith the processedNPAT survey data from 1996 to 2018,we generate universal
coverage of state legislatorswho have served in the states forwhichwe have the roll call
data. The technical details of how we combine these two data sources can be found in
Shor andMcCarty (2011).

²The aggregate and legislator level data is available for download at http://www.americanlegislatures.
com.

http://www.americanlegislatures.com
http://www.americanlegislatures.com
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5.3 Opinion Data

5.4 Constituency Opinion

I beginmy assessment of representation at the state legislative district level by develop-
ing a survey instrument to giveme valid estimates of constituency-level public opinion.
The key questions will be related to policy issues related to Affordable Care Act imple-
mentation, reform, and repeal in the states. To compare individual legislator behavior
to the opinion and needs of her constituents, I need a way to disaggregate my survey
data to the state and the district levels. This is a problem, given typically sized survey
samples (whowould have very few respondents in any given district).

5.5 Multilevel regressionwith poststratification (MRP)

5.5.1 Introduction

I model opinion via the new approach of multilevel regression with poststratification
(MRP). This technique was first developed by Gelman and Little (1997) and introduced
in a political science context in Park et al. (2004). It has experienced aflowering of use in
the study of state politics (Lax and Phillips (2009b); Lax and Phillips (2009a); Kastellec
et al. (2010); Pacheco (2011)). The key advantage of this technique is the ability to ob-
tain trustworthy estimates of opinion at subconstituency (typically state) levels, using
relatively few respondents (eg, the number of respondents in typically-sized national
surveys). It leverages individual level survey data with high quality (typically Census)
post-stratificationdata to adjust for sparse survey coverage across geographicunits. Dy-
namicMRPestimatesarepossiblewhensurveysare conductedatmultiplepoints in time
[Pacheco (2011); Pacheco:2012; Lewis:2017].

MRP proceeds in two stages. First, individual survey responses and regression analy-
sis are used to estimate the opinions of different types of people. A respondent’s opin-
ions are treated as being, in part, a function of his or her demographic and geographic
characteristics. Researchhas consistently demonstrated that demographic variables are
crucial determinants of individuals’ political opinions, particularly their ideological ori-
entation. In addition to demography, survey responses are treated as a function of a
respondent’s geographic characteristics. Why are geographic predictors included? Ex-
isting research has shown that place in which people live is an important predictor of
their core political attitudes (Erikson et al., 1993). Lax and Phillips (2009a) demonstrate
that the inclusion of geographic predictors greatly enhances the accuracy of MRP opin-
ion estimates when compared tomodels that rely exclusive on demographic predictors.

The second stage of MRP is referred to as poststratification. Based on data from the U.S.
Census, we knowwhat proportion of a given district’s population is comprised by each
demographic-geographic type from stage one. Within each district, we simply take the



CHAPTER 5. DATA ANDMEASUREMENT 30

estimated ideology across every demographic-geographic type, and weight it by its fre-
quency in the population. Finally, these weighted estimates are summed in each dis-
trict to get a measure of overall district-level ideology (i.e., the ideology of the “me-
dian voter”). Standard errors can be bootstrapped in amanner similar to Kastellec et al.
(2015).

The applied literature that utilizes multilevel regression with poststratification (MRP)
is exploding, and for good reason. We want to be able to say something about pub-
lic opinion or representation of geographical units smaller than countries as a whole,
but we typically lack the respondents to do just that. So when the method was intro-
duced in Gelman and Little (1997)}, many researchers were excited by the possibility of
applying the method to studying American states, which are foundational in our fed-
eralist system. Using standard nationally representative survey numbers like 800-1000
respondents, analysts could generate statistically reliable estimates of opinion in all fifty
states. This was used to estimate state level presidential vote using a single nationally
representative sample (Park et al., 2004). This is possible despite the fact that, while
the average state might have 20 respondents, population disparities mean that while
states like California or Texas might have a few dozen respondents, the smallest states
like Delaware or SouthDakotamight have less than a literal handful each. Even so,MRP
has been validated over and over again with a variety of strategies (see for example Lax
and Phillips (2009b)). This combination of data efficiency and statistical reliability is
obviously driving the vast increase inMRP’s use.

What accounts for this seemingly-magical ability? First, the technique builds on the
powerful predictive abilities of demographic and residential variables on individual-
level public opinion. This is possible thanks to a longhistory of political science research
on the foundationof opinionandvote choice. Somethingnewwas the additionof aggre-
gate level of information. Thus, we do not have to pretend like we know nothing about
the small areas where survey respondents live. What is also new is how the individ-
ual and aggregate information is combined via amultilevel regression setup, which effi-
ciently combines data atmultiple levels of analysis, borrowing strength fromunits with
more data to assist in estimates for units with less data Raudenbush and Bryk (2002),
Gelman:2006. The final, missing piece of the puzzle was the addition of high quality
population data from sources like the U.S. Census. In a sense, our final estimates are
an amalgam of individual level survey response, a well-specified multilevel model, the
presence of aggregate level information, and the “borrowing’ ’ of strength from a gold-
standard information source like the Census. Standard errors can be bootstrapped in a
manner similar to Kastellec et al. (2015).

Part of the confidence in the MRP estimation technique at the state level has been the
extensive validation exercises against administrative and gold standard massive sur-
veys (disaggregated to the state level). Examples of these validations include Park et al.
(2004), Lax:2009, Gelman:2016. Simply put, MRP estimates using typically sized __na-
tional opinion surveys (in the 800-1000 respondents range), line up very closely to ad-
ministrativedatameasuredwithvery littlemeasurementerror, and tosurveyswithhun-
dreds of thousands or evenmillions of respondents.

Nearly all the MRP applications, at least in this country, have been set at the state level.
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And it’s easy tounderstandwhy. In theAmerican federal system, states are important for
a number of reasons. First, states suffuse the the formation of the national government,
for example via the equal representation of states in the Senate and the composition of
the Electoral College in selecting the president. Second, states are responsible for an
incredible amount of policy generation and implementation in a federal system like ours
that accords a large degree of independence to the regional units. State elect their own
governments and deliver their own policies. This justifies whywe’d like to know public
opinion at these levels. Before MRP, there was no practical way to do so, especially on
particular issues likehealth care, same-sexmarriage or criminal justice reform. MRPhas
revolutionized the study of state level opinion and is now routinely used in the academic
and data journalism communities.³ It is also no surprise that it is spreading overseas in
explaining regional opinion on, for example, the Brexit vote. ⁴.

The next step in the use of MRP for estimating opinion is in political constituencies
smaller than states. This, too, makes sense given the single-member district setup
of the US House and American state legislatures. Both US Representatives and state
legislators from upper (State Senate) and lower (State House) chambers are elected
district-by-district. The electoral connection Mayhew (1974) __should bind district
constituents to their representatives. Whether that is true in reality is, of course, an
empirical question. It may be that district legislators are faithful delegates of their
constituencies. Or it may be that other forces block the quality functioning of the
representational relationship.

The attraction of those wishing to study substate opinion to MRP is obvious. Re-
searchers like myself are in a similar quandary with regards to opinion data as are
researchers who study states as a whole (among whom I count myself as well). We
would like to estimate opinion at these levels because of the obvious analytical need
to do so, but can we make use of MRP to do so? The method says nothing about states
being the sole area of implementation. While all the previous steps seem easy to
implement–individual level data, group level predictors, multilevel model setup, gold
standard poststratification data–the number of respondents needed is a key question.
In fact, it is amethodological question that requires careful comparisons and validation.
One way to think of MRP is as an amalgam between already-existing data and newly
collected survey data for the purposes of small area estimation. The other data has
already been collected or could in principle be collected easily. But how much new
survey data is needed?

We have exactly that in Warshaw and Rodden (2012). They pool questions on a variety
of issue questions from a number of very large surveys (2004 ANES, 2006-2008 CCES),
and get as many as 110,000 responses. Then they run a large number of MRP simula-
tions where they randomly sample as few as 2,500 respondents to as many as 30,000.
They compare the MRP small area estimates to the true measures of opinion from the
full data set. Their findings are unequivocal; congressional district MRP estimates with
2,500 respondents and upper chamber (State Senate) legislative district MRP estimates

³For an example of the latter, see https://morningconsult.com/2016/09/08/constructed-50-state-
snapshot/

⁴See https://yougov.co.uk/news/2016/06/21/yougov-referendum-model/

https://morningconsult.com/2016/09/08/constructed-50-state-snapshot/
https://morningconsult.com/2016/09/08/constructed-50-state-snapshot/
https://yougov.co.uk/news/2016/06/21/yougov-referendum-model/
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with5,000respondentsare extremely close to the truemeasures. Theyalsofind that sta-
tistical properties improvewithmore numbers, but themarginal improvement drops as
the number of respondents increase (diminishingmarginal utility). At 30,000 or above,
the MRP estimates are essentially identical to the true estimates, and MRP is no longer
to be automatically preferred tomere disaggregation (it has other properties that could
be attractive, however).

Since the Warshaw and Rodden (2012) paper, a number of papers have implemented
MRPat the substate level for a varietyof empirical applications. BroockmanandSkovron
(2017) relies on CCES team content to assess legislator knowledge of district opinion.
The problem here is that, while the number of respondents is really high, the content
of the questions are not determined by the researchers. This is a problem if we want to
understand health care at the state level beyond a single question devoted to the topic.
McCarty et al. (2018) (of which I am a coauthor) aims to seewhether legislative extrem-
ism is related to district opinion polarization. It also has a very large number of respon-
dents, but the responses are combined together to form a generalized ideologymeasure
rather thana specific issuemeasure. This is againofnousewhenstudying specificpolicy
questions.

So what we need are examples of studies that estimate substate opinion with MRP on
specific issue questions that are of particular interest to the researcher. I have found
three of these, and I am the author of one of them – the only one on state legislative dis-
tricts. Howe et al. (2015) and Zhang et al. (2018) study substate variation in __county}
opinion on climate change andmitigation in two papers published in __Nature Climate
Change}. These twopapersmade inferences at the congressional district (435 total) and
county (3,143 total) levels, with 12,061 and 6,301 respondents, respectively. I wrote Shor
(2018)} to investigate the ACA implementation votes by individual state legislators, and
to see whether state senate constituencies (1,972 total) were able to budge legislators. I
collected 5,000 respondents with a survey funded by the Robert Wood Johnson Foun-
dation.

5.5.2 District level estimates

Julianna Pacheco has used this technique to great effect to study state health politics.
While state estimates are interesting in their own right, I seek to go much further, by
addressing themicrofoundations of suchmacro phenomena. In particular, I aim to gen-
erate MRP estimates for state legislative districts. This would allow us to make direct
comparisons between individual state legislators, and the districts they represent. A re-
cent paper byWarshaw and Rodden (2012) validates their use at these levels at approx-
imately the number of respondents I plan to survey (7,500).

What is astonishing is that there is almostnopublishedappliedworkusingMRPat these
constituency levels. A forthcoming paper onwhich I am coauthor (McCarty et al., 2018)
uses MRP to get generalized ideology measures, but not specific issue opinions. Howe
et al. (2015) disaggregates environmental opinion to the county level, which doesn’t ad-
dress the representational relationship between district constituents and state legisla-
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tors. Broockman and Skovron (2017) have an unpublished paper that does look at spe-
cific issue opinion at the district level, but is limited to the set of questions asked on the
commoncontent of theCCES survey; the only health relatedquestion is about universal,
publicly-provided healthcare.

I plan to collect data primarily with a nationally representative online sample of adults
withgeographic identifiers (zip codes) that I canuse toplace respondents fairlyprecisely
into districts.

MRP is an incredibly powerful technique that promises vast economies while generat-
ing valid and reliable small area estimates. But getting estimates at these very small and
numerous legislative district level is much more resource intensive than typical state-
level applications which can use typically sized nationally representative samples (800
and up). Getting estimates for state House/assembly districts requires–at a minimum–
15,000 respondents.⁵ Even state Senate districts need 5,000 or more. Thus, truly dy-
namic estimates of public opinion atmanypoints in time (Pacheco andMaltby, 2017a,b)
are not possible, nor are panel studies which would need even larger samples to deal
with attrition.

Instead, I will survey two cross-sections of the country in 2019 and 2020. I will use each
survey on its own to generate state, congressional district, and state Senate estimates
with MRP. Combined together for the full set of 15,000, I will be able to estimate state
House district opinion as well.

5.5.3 Interest Groups

Major strides have been made in data availability on interest group activity at the fed-
eral levels. We know more about campaign finance, lobbying, mobilization, and other
aspects of interest group influence than ever before. At the state level, too, our knowl-
edgehasmademajor strides. Thanks to thehardworkof researchers likeTheda Skocpol,
Alexander Hertel-Fernandez, and others, we know much more about the extent of the
influence of the troika of ALEC, the State Policy Network, and Americans for Prosperity
(AfP) (Hertel-Fernandez, 2014; Hertel-Fernandez et al., 2016; Hertel-Fernandez, 2016,
2018). That data is typically collected at the state-level.

Hertel-Fernandez is writing a book manuscript that estimates at the bill level the de-
greeof “policyplagiarism’ ’ (copyingofALECmodel bills),work that complements other
scholars active in the area of subnational interest groups (Kroeger, 2016; Jansa et al.,
2015). Other bill-levelmeasures of interest group lobbying activity can be accessed from
individual stateweb sites for a subset of states that have transparency requirements that
mandate reporting on which groups were involved in crafting a bill.

What we have little information about is at the district level. We have a little of it here
and there; for example, an internal leak of AfP documents revealed the fine grained loca-
tionof their rallieswe can resolve intodistricts (Hertel-Fernandez, 2018). But in general,

⁵Personal communication with ChrisWarshaw.
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this is more of an exception rather than the rule. Howmany andwhere are the local AfP
activists? Howmany people have been lobbied by AfP and its staff and volunteers?

On the left, we know even less. Part of that is due to the weak analogues to the state
conservative organizations (Hertel-Fernandez, 2016), but the other is that we just don’t
have good measures of what the labor movement is doing at the district level. Given
the state of our knowledge, what canwe build on? Existing census data on employment
is helpful. Hertel-Fernandez, for example, uses government employment as a proxy for
district union membership because of the lack of data on union membership at the lo-
cal levels (Hertel-Fernandez, 2018). This is a good first step (and necessary due to the
lack of alternatives), but an imperfect one. For example, union membership for pub-
lic employees is quite heterogeneous across states and localities, union participation in
politics may also vary a lot, this definition misses membership in private sector unions
whichmay be very important, and so on.

Another example is Hertel-Fernandez’ use of small business employment as a proxy for
conservative economic interests (Hertel-Fernandez, 2018). Again, this is understand-
able because of the lack of data on the latter. But these interests may not be colinear
with business size, small business in different locales may be radically different ideo-
logically.

Take the specific example of physicians. We know they are crucially important to mov-
ing the public and elected officials on a number of critical policy areas, both historically
and in current politics (Starr, 2008, 2013; Patashnik et al., 2017). But they are not in-
terchangeable; physicians are deeply divided by geography, specialization, industrial
organization, partisanship, and ideology (Bonica et al., 2014, 2015, 2017). Measuring
their influence by usingCensus employment figureswould be deeplymisleading, lump-
ing together self-employed ultraconservative orthopedic surgeons living in the Atlanta
suburbs with liberal urban staff physicians working for Kaiser Permanente in Oakland.
While both archetypes might be equally politically active, it is quite likely they will be
pushing for diametrically opposedvisions of health care reform. Thenagain,maybe that
is only true for some issues, while onmost issues occupational self-interest moves both
to push for the same policies. It is something that empirical investigation should shed
light on.

Newly available data on physician location and ideology (Bonica et al., 2017; Bonica,
2017) is a major advance in this measurement problem. Physicians are very politically
active, almost as much as lawyers which is the profession we often think of as highly
politically connected. Combining physician location and ideology with public opinion,
legislator ideology, andoutcomedata shouldgiveus a lot of insight abouthowrepresen-
tationoperates. Betweenphysician subconstituencypressure andpublic opinion,which
constrains the legislative behavior of representatives who are themselves deeply ideo-
logically bound? In personal communication, Adam Bonica has promised to supply me
with measures of physician specialties, preferences, and locations resolved to the state
legislative district level. Thesemeasures will proxy for activity by this highly influential
interest, but with nuance regarding specialization and ideology.

Another important health-specific interest are medical facilities and hospitals in par-
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ticular. Hospitals are located throughout states, but in a lumpy manner reflecting pop-
ulation, labor markets, industrial organization and the like. Hospitals have been very
influential in lobbying legislators and governors on a variety of issues, including and
especially Medicaid expansion (Jacobs and Skocpol, 2015). The threat and actuality of
hospital closures have been repeatedly cited in the popular press as putting pressure on
stateofficials to increase state and federal financing for the sector. I intend to collectdata
on hospital locations and closures which I can classify at the district level, but I will also
collect data on hospital sector lobbying in the state capitol that complements district
level activity.

But physicians and hospitals are not enough. What more can we measure gather at
the district level to address possible sources of influence? The proposed surveys in the
grants, with their massive sample size and modern opinion disaggregation techniques
can help us here. We can ask respondents about their economic interests, their mem-
bership (or familial connection) in unions, and general questions that reveal a deeply
nuanced view of their general ideological preferences (Jessee, 2012; Shor and Rogowski,
2018). Then we can use MRP to estimate district level measures from these individual
responses.



Chapter 6

Describing the Data -
Legislatures

6.1 Sponsorship

We begin our analysis of bills by examining who sponsors them.

• Challenging when there are > 50,000 bills in the data
• Proxymeasure: Ideology of themedian sponsor
• Divided into terciles based on all unique legislators

Bill sponsorship isn’t toomuch different in terms of sponsor partisanship.

But that belies an ideological difference; bill sponsorship is tilted to the left, even in R
majority chambers.

This trend has persisted throughout the past decade. And examining the median spon-
sor ideology shows that bills sponsored in Democratic states are amongst the most lib-
eral quarter in the state – and strikingly, the same is true for bills in Republican states.
These are sponsored by themost liberal quarter of Republicans.

36
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Figure 6.1: Roll Call Sponsorship by Sponsor Partisanship
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Figure 6.2: Roll Call Sponsorship by Sponsor Ideology
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Figure 6.3: Average Passed Bill Sponsor Ideology over Time byMajority Party
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6.2 Outcomes

Liberalbillsdobetter inDemocraticmajority states thanconservativebills inRepublican
majority chambers. In Republican majority chambers, moderate bills do almost as well
as conservative ones; the same is not true in Democratic chambers.
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Figure 6.4: Bill Enacted Outcomes byMajority Party

We can see this by looking at the percentage of liberal bills passed in the states. Blue
states are unsurprisingly the home of liberal bills.

While red states disproportionally feature the passage of conservative bills, it is not
nearly to the commensurate degree.

Note the surprising success of moderate bills in red versus blue states.

This trend has persisted throughout the past decade.

We combine the trend and state information in the following slopegraph. The figure
in some respects is unsurprising. States like California and New York pass consistently
liberal bills, while states like Arizona andOklahomapass consistently conservative bills.
Other states exhibit understandable transitions, like Arkansas which has becomemuch
more conservative over time. What is surprising are large states like Florida and Texas
passing health bills largely authored by liberals.
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Figure 6.5: Passed Liberal Bills by State

Figure 6.6: Passed Conservative Bills by State
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Figure 6.7: PassedModerate Bills by State

Figure 6.8: Bill Outcomes with Sponsor Ideology Trend byMajority
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Figure 6.9: State Bill Sponsorship Trends

6.3 Partisan Asymmetry

6.3.1 Majority Rolls

Majority party rolls

• The norm for amajority party not to enable votes on bills thatmight passwithout
the support of the majority of the majority party

• Sometimes called the “Hastert rule”
• Example of negative agenda control highlighted by cartel theory of Congressional
organization

• Only 41 violations between 1991 and 2018 in US House (0.6% of all final passage
roll calls)

• What about the states? (Anzia and Jackman, 2013)

Democrats are also more internally unified. As shown below, they are twice as likely as
Republicans to vote unanimously together.

There is heterogeneity in rolls based on topic.

## Warning: ‘guides(<scale> = FALSE)‘ is deprecated. Please use ‘guides(<scale> =
## ”none”)‘ instead.
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Figure 6.10: Majority Party Rolls Vary by Party
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Figure 6.11: Party Unity Votes by Party
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Figure 6.12: Majority Party Rolls, by Select Topics

Democrats are more unified across the board than Republicans.

## Warning: ‘guides(<scale> = FALSE)‘ is deprecated. Please use ‘guides(<scale> =
## ”none”)‘ instead.
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Chapter 7

Describing the Data - Public
Opinion

7.1 Self-reported vs Latent

We estimate an ideal point based on two-item item-response model (Clinton et al.,
2004) using 29 dichotomous survey responses about health-related policy issues,
and 53 dichotomous survey responses about non-health related policy issues. While
typically ideal point models are estimated for politicians, they can be straightforwardly
estimated for survey respondents (Jessee, 2012).

7.2 Validating themeasures

Table 7.1 shows the correlations between the two self-reported measures of three-
category party identification (Democrat, Republican, or true Independent¹) and
seven-category symbolic ideology (from strong liberal, or 1, to strong conservative, or
7), as well as the two latent measures of ideology.

The correlations are all in the expected range. Partisanship is strongly correlated with
ideology, both symbolic and latent. Symbolic and latent ideology are also strongly cor-
related with each other.

Notice, however, that the correlations of health ideology are substantially weaker with
partisanshipand symbolic ideology, as compared tonon-health ideology. Wecan see this
graphically by plotting the density curves of bothmeasures, broken out by partisanship
(Figure 7.1) and self-reported ideology (Figure 7.2. Health ideology, then, is substantially
less polarized than ideology about non-health subjects.

¹Leaners are included alongside partisans.

46
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Table 7.1: Correlations between latent and self-reportedmeasures of party and ideology

Party ID Self-Reported Ideology Latent Health Ideology Latent Non-Health Ideology

Party ID 1 . . .
Self-Reported Ideology 0.67 1 . .
Latent Health Ideology 0.48 0.52 1 .
Latent Non-Health Ideology 0.66 0.69 0.65 1

Morebroadly, notice that ideology is substantially less polarized in general than the typ-
ical picture for politicians like state legislators and members of Congress, where there
is either vanishingly little or even no overlap in the density curves for partisans. The
public’s ideology looks familiar, but it is in no way a mirror image of politicians’ belief
systems.

Health Ideology Non-Health Ideology

-2 0 2 -2 0 2

0.0

0.2

0.4

0.6

Latent Ideology

Party D R X

Figure 7.1: Health and Non-health latent ideology by 3-category party identification

7.2.1 Predicting issue opinion

One technique to validating the latent ideologymeasures are including them inmodels
of issue response. We regress them plus party and self-reported ideology on a variety of
issue opinions. We start with opinion about the Affordable Care Act. Table 7.2 shows
two linear probabilitymodels; the first is ACA approval, and the second is opinion about
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Figure 7.2: Health and Non-health latent ideology by 7-category self-reported ideology

whether the Supreme Court should overturn the ACA as unconstitutional (as it could in
Texas v United States).

The coefficients are standardized in theGelman (2008) fashion by dividing by two stan-
dard deviations to facilitate comparison of effect size within-model. Notice that these
two issue opinions are highly partisan; but even so, latent ideology is extremely impor-
tant. The same can’t be said of self-reported symbolic ideology.

Table 7.3 regresses our latent ideologymeasures alongwith standard demographic vari-
ables on 2020 Trump and US House vote. These are the most salient partisan political
decisions that citizens make in the United States; naturally, partisanship is the single
most important factor. Ideology is still a highly significant factor – but it is the latent
measure that counts, not mere self-identification.
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Table 7.2: ACA Issue OpinionModels

Model 1 Model 2

Health Latent Ideology 0.347*** −0.042*
(0.038) (0.019)

Non-Health Latent Ideology 0.610*** −0.352***
(0.047) (0.023)

Republican 0.618*** −0.416***
(0.044) (0.022)

Independent 0.390*** −0.121***
(0.050) (0.026)

Self Reported Ideology 0.172*** −0.022
(0.043) (0.021)

Num.Obs. 3491 2194
R2 0.431 0.564
R2 Adj. 0.430 0.563
AIC 8707.3 1309.1
BIC 8750.4 1349.0
Log.Lik. −4346.664 −647.553
F 528.593 567.116
+ p< 0.1, * p< 0.05, ** p< 0.01, *** p< 0.001



CHAPTER 7. DESCRIBING THE DATA - PUBLIC OPINION 50

Table 7.3: 2020 VoteModels; Model 1 is Trump Vote, Model 2 is House Vote

Model 1 Model 2

Health Latent Ideology 0.023+ 0.035**
(0.012) (0.011)

Non-Health Latent Ideology 0.233*** 0.158***
(0.015) (0.014)

Republican 0.675*** 0.741***
(0.014) (0.013)

Independent 0.275*** 0.285***
(0.018) (0.018)

Self Reported Ideology 0.003 0.016
(0.014) (0.013)

Black −0.079*** −0.074***
(0.017) (0.016)

Female −0.014 −0.012
(0.010) (0.009)

Hispanic 0.009 −0.030+
(0.018) (0.017)

HS Graduate −0.001 −0.005
(0.012) (0.012)

College Graduate −0.043*** −0.030*
(0.013) (0.012)

Masters and Higher −0.029* −0.010
(0.015) (0.014)

Num.Obs. 3223 3143
R2 0.739 0.775
R2 Adj. 0.738 0.774
AIC 356.4 −115.1
BIC 435.4 −36.4
Log.Lik. −165.183 70.555
F 826.250 981.838
+ p< 0.1, * p< 0.05, ** p< 0.01, *** p< 0.001



Chapter 8

Bill Models

8.1 Hypotheses

• Bill Content - More conservative bills will do better in R chambers, more liberal
bills will do better in D chambers

• Party

– Given issue ownership, Demswant to pass health bills more than Reps
– Within-party, liberals should bemore interested in passing health bills than

conservatives

• Polarization

– Polarizationmakes it more difficult to pass legislation

8.2 Putting it all together: Bill Models

Table 8.1 shows the results of our model for three configurations of legislatures: unified
Republican, Unified Democratic, and split.

8.3 Modeling Choices

Because of the complexity in my data, my modeling strategy will to be to use a mul-
tilevel model, which can efficiently pool information at multiple levels of observation
(Raudenbush and Bryk, 2002; Gelman and Hill, 2006). They avoid a stark choice be-
tween complete pooling or ignoring contextual differences across units, or no pooling
(often called fixed effects) which implies ignoring differences across units. The extent
of the multilevel model’s partial pooling is dictated by the data.
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Varying intercepts for states and years account for unit- and time-specific heterogeneity
in levels.

The specific model I use here is a simple linear probability model. While a generalized
linearmodel like logit is typicallyused forabinarydependentvariable likevote, themore
modernapproach is tousea simpler linearmodel as thegains in interpretability typically
more than make up for the losses inherent in allowing the predicted values outside of
the 0-1 range. I ran the generalized models as well, and include them in the appendix.
These are qualitatively identical, and thus for simplicity I only show the former in the
main results.

8.3.1 Bill level results

• Bill sponsored by conservatives suffer in Democratic states, and vice versa for Re-
publican states; but the penalty is greater in the former for being ideologically
out-of-step.

• Controversial bills that encounter one ormore party unity votes along theway are
much less likely tobepassed,whereasnon-controversial bills that seeoneormore
unanimous roll calls along the way are moremore likely to be passed.

8.3.2 Legislature level results

• Moderate Democratic aremuch less likely to pass any bill than liberal Democratic
legislatures

• ConservativeRepublican legislaturesare somewhat less likely topassanybill than
moderate Republican legislatures

• Polarized legislatures are bad for the passage of any legislation, in either Republi-
can or Democratic unified legislatures.

We can plot the marginal effect of our key variables. Figure 8.1 shows the effect of bill
conservatism. Bill sponsoredbyconservatives suffer inDemocratic states, andvice versa
for Republican states; but the penalty is greater in the former for being ideologically out-
of-step.

Figure 8.2 shows the effect of legislative ideology. Moderate Democratic are much less
likely to pass any bill than liberal Democratic legislatures. Conservative Republican leg-
islatures are somewhat less likely topass anybill thanmoderateRepublican legislatures.

Figure 8.2 shows the effect of legislative polarization. Polarized legislatures are bad for
the passage of any legislation, in either Republican or Democratic unified legislatures.
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Table 8.1: Bill PassageModels

Democratic Majority RepublicanMajority Split Majority

Sponsor Conservatism −0.056*** 0.047*** −0.005
(0.000) (0.000) (0.534)

Majority Party Conservatism −0.696*** −0.323***
(0.000) (0.000)

Polarization −0.354*** −0.108*** −0.048
(0.000) (0.000) (0.397)

Sponsor Count 0.001*** 0.003*** 0.000
(0.000) (0.000) (0.495)

Sponsor Ideological Range 0.033*** 0.031*** 0.039***
(0.000) (0.000) (0.000)

1+ Party Unity Votes −0.257*** −0.255*** −0.235***
(0.000) (0.000) (0.000)

1+ Unanimous RCs 0.052*** 0.182*** 0.160***
(0.000) (0.000) (0.000)

Num.Obs. 21 014 22 545 4406
R2Marg. 0.091 0.106 0.053
R2 Cond. 0.462 0.242 0.161
AIC 24 163.1 27 565.1 5718.5
BIC 24 266.5 27 669.4 5795.2
RMSE 0.43 0.44 0.45
+ p< 0.1, * p< 0.05, ** p< 0.01, *** p< 0.001
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Figure 8.1: Passage probability as a function of sponsor ideology
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Figure 8.2: Passage probability as a function of legislative ideology
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Figure 8.3: Passage probability as a function of legislative polarization



Chapter 9

VoteModels

9.1 Hypotheses

• Party

– McConnell: top priority is making Obama a one-term president. Partisan-
ship above all else.

– Teamsmanship is paramount; party pressure overrules individual prefer-
ences (Lee)

• Ideology

– Individual policy preferences are paramount and almost always 1D (Poole
and Rosenthal)

– Single spatial dimension accounts for nearly all votes in polarized times
– Ideological heterogeneity within parties is large (Shor andMcCarty)

• Opinion

– Electionmotive might pressure legislators
– But information about statehouse votes is very weak

9.2 Putting it all together: VoteModels

9.2.1 Outcome Variable

The outcome variable is a yea or nay vote in a roll call on a bill sponsored by a liberal
(NPAT common space ideal point < 0). This was done to flip the votes in a common
direction.
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9.2.2 Key Predictors

The key predictors are legislator ideology (Shor andMcCarty, 2011) and district ideology
(Tausanovitch andWarshaw, 2013).¹ Party is accounted for by subsetting the data into
the two major parties. This allows allows the effect of ideology to be heterogeneous by
party.

9.2.3 Model Choices

As before, I use amultilevelmodelling setup to account for the obviousmultilevel struc-
ture (andnon-independence) of thedata: specific roll call votesnestedwithin individual
states and years. The models include varying intercepts for states and roll calls (to ac-
count for baseline probabilities of voting yes), and varying slopes for each roll call (to
account for heterogeneous bill characteristics that tap the key predictors differently).
The results are essentially the average effect of these predictors.

The specific model I use here is a simple linear probability model. While a generalized
linearmodel like logit is typicallyused forabinarydependentvariable likevote, themore
modernapproach is tousea simpler linearmodel as thegains in interpretability typically
more thanmakeup for the losses inherent in allowing thepredictedvaluesoutsideof the
0-1 range. I ran the generalizedmodels aswell, and include them in the appendix. These
are qualitatively identical to the linear

9.2.4 Legislator level results

I present two sets of results, one for each of my data sets. The NCSL subset I use as a
proxy for salience, and another for the entire keyword-search dataset. Both data sets
only include non-unanimous votes, since unanimous votes have no interesting varia-
tion to explain within roll calls. The search database is approximately five times larger
than the NCSL data. In both cases, however, since I have hundreds of thousands of ob-
servations for each model, statistical significance is much easier to find, so substantive
significance is going to be amore important benchmark.

Table 9.1 and 9.2 shows the results of our model for Republican and Democratic unified
legislatures, and split.

The intercept canbe readas the averageprobability of votingyea, holdingboth legislator
anddistrict conservatismat zero (eg,moderate). Thus, in the searchdata,Democrats are
about 16 percentage points more likely to vote for liberal health care bills than Republi-
cans, while in the NCSL data, Democrats are 6 percentage points more likely to do so.

Legislator ideology is highly statistically and substantively significant. A one unit shift
in ideology (eg, going from a moderate to a conservative Republican, or a moderate to
liberal Democrat) results in roughly an 8 percentage point increase in the search data.

¹These are described as “conservatism” to account for the convention that higher scores indicate greater
conservatism.
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Table 9.1: NCSL VoteModels

Democrat Republican

Intercept 0.457*** 0.399***
(0.000) (0.000)

District Conservatism 0.001 −0.004*
(0.713) (0.044)

Legislator Conservatism −0.035*** −0.034***
(0.000) (0.000)

Observations 159,333 180,398

AIC −234 138.6 −130 622.2
BIC −234 028.8 −130 511.1
Log.Lik. 117 080.282 65 322.102
+ p< 0.1, * p< 0.05, ** p< 0.01, *** p< 0.001

Table 9.2: Search VoteModels

Democrat Republican

Intercept 0.518*** 0.366***
(0.000) (0.000)

District Conservatism 0.000 −0.011***
(0.973) (0.000)

Legislator Conservatism −0.081*** −0.075***
(0.000) (0.000)

Observations 795,548 877,219

AIC −316 398.3 215 385.1
BIC −316 270.8 215 513.6
Log.Lik. 158 210.152 −107 681.549
+ p< 0.1, * p< 0.05, ** p< 0.01, *** p< 0.001
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The coefficients are also significant in the NCSL data, but only about half as large. Inter-
estingly, there is not much difference in the effect of ideology on the voting behavior of
members of bothmajor parties.

We can plot themarginal effect of our key variable of interest. Figure 9.1 shows the effect
of legislator ideology.
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Figure 9.1: Vote probability as a function of individual legislator ideology

District ideology has no apparent effect on Democratic voting behavior, and a tiny one
(in the expected direction) on Republican voting behavior.
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